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Objective:

When you have completed this course, you should be able to apply
machine learning algorithms to solve both 11D and sequential data problems
of moderate complexity. You should also be able to read current research
papers in machine learning and understand the issues raised by current
research in supervised learning.

Pre-Requisite:

CSE 860 Artificial Intelligence (or equivalent)
Course Outcome:

The students graduating from this course are expected to have a thorough
knowledge base of Machine Learning algorithms and methodologies as well
as their applications in roboticsand machine intelligence.

Course Qutline:

This course will present an introduction to algorithms for machine learning
and data mining. These algorithms lie at the heart of many leading edge
computer applications including optical character recognition, speech
recognition, text mining, document classification, pattern recognition,
computer intrusion detection, and information extraction from web pages.
Every machine learning algorithm has both a computational aspect (how to
compute the answer) and a statistical aspect (how to ensure that future
predictions are accurate). Algorithms covered include linear classifiers
(Gaussian maximum likelihood, Naive Bayes, and logistic regression) and
non-linear classifiers (neural networks, decision trees, support-vector
machines, nearest neighbor methods). The class will also be introduced to
techniques for learning from sequential data and advanced ensemble
methodssuch as bagging and boosting.
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